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Abstract

The motion of glaciers can be simulated with the p-Stokes equations. Up to now,
Newton’s method to solve these equations has been analyzed in finite-dimensional
settings only. We analyze the problem in infinite dimensions to gain a new viewpoint.
We do that by proving global convergence of the infinite-dimensional Newton’s method
with Armijo step sizes to the solution of these equations. We only have to add an
arbitrarily small diffusion term for this convergence result. We prove that the additional
diffusion term only causes minor differences in the solution compared to the original
p-Stokes equations under the assumption of some regularity. Finally, we test our
algorithms on two experiments: A reformulation of the experiment ISMIP-HOM B
without sliding and a block with sliding. For the former, the approximation of exact step
sizes for the Picard iteration and exact step sizes and Armijo step sizes for Newton’s
method are superior in the experiment compared to the Picard iteration. For the latter
experiment, Newton’s method with Armijo step sizes needs many iterations until it
converges fast to the solution. Thus, Newton’s method with approximately exact step
sizes is better than Armijo step sizes in this experiment.
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1 Introduction

Ice-sheet models spend most of the computation time solving the momentum equa-
tions, [1]. These equations are nonlinear partial differential equations named p-Stokes
equations.

We prove that Newton’s method with Armijo step sizes converges to the solution
of the p-Stokes equations if we add a small diffusion term. We control the step size

B Niko Schmidt
n_f_schmidt@yahoo.de

1 Department of Computer Science, Kiel University, Christian-Albrechts-Platz 4, Kiel 24118, Germany

@ Springer


http://crossmark.crossref.org/dialog/?doi=10.1007/s11075-024-01941-6&domain=pdf
https://orcid.org/0009-0005-0005-9736

2012 Numerical Algorithms (2025) 99:2011-2038

with a convex functional, which is the anti-derivative of the p-Stokes equations. Eval-
uating this functional has nearly no computational cost. Moreover, the convexity of
the functional allows us to approximate the exact step sizes. We slightly modify the
numerical experiment ISMIP-HOM B to test Newton’s method with Armijo step sizes.
Moreover, we test this algorithm with a sliding block. We test both experiments with
the Picard iteration and Newton’s method with approximations of exact step sizes.

The small diffusion term is necessary to imply Gateaux differentiability of the
p-Stokes equations in the variational formulation. Furthermore, the shear-thinning
viscosity term has a negative exponent. Thus, we need for differentiability a positive
constant in this term. To conclude the theory, we show that the regularized solution
converges to the solution of the p-Stokes equations under a slight regularity assump-
tion.

Regarding the well-posedness of the equations, there are different types of litera-
ture results: nonlinear friction boundary conditions [2], an implicitly given viscosity
[3] with a differentiable shear-thinning term, or a differentiable shear-thinning term
with Dirichlet boundary conditions, [4]. One recent publication with more general
boundary conditions than we consider in two dimensions uses Newton’s method in a
finite-dimensional setting, see [5]. However, we need a combination of a differentiable,
explicitly given shear-thinning viscosity, and nonlinear friction boundary conditions.
Glaciologists use such a formulation to simulate glaciers, [6]. Gateaux differentiabil-
ity results are mainly devoted to optimal control and the necessary control-to-state
mapping, see for example, [7] for the p-Laplace equations or [8] for the Navier-
Stokes equations with a nonlinear p-Stokes term. In [8], the Gateaux differentiability
is shown for p > 2. The idea of how to prove differentiability for | < p < 2is briefly
mentioned in [9, section 6]. That paper uses the additional diffusion term for optimal
control. It proves convergence in Sobolev spaces for vanishing regularization of the
diffusion term. However, that paper has different requirements: It considers optimal
control in a slightly different formulation, has Dirichlet boundary conditions, and has
a convective term. It has more restrictions on the exponent of the shear-thinning fluids
than we have. In [3], local quadratic convergence of Newton’s method is shown for
the finite-dimensional case. Glaciologists already consider Newton’s method, [10], but
we consider a different approach by adding a small diffusive term and using a convex
functional for step size control. There is also a multigrid approach with Newton’s
method and a reformulation of the partial differential equation with first derivatives
available, [11].

The paper is structured as follows: In Section 2, we derive the variational formu-
lation, project to divergence-free spaces, introduce a minimization problem that is
equivalent to solving the full-Stokes equations, and verify existence and uniqueness
of a solution. In Section 3, we consider Gateaux differentiability. In Section 4, we
verify that Newton steps can be calculated. In Section 5, we use the functional to
verify global convergence. Additionally, we prove that the solution of the regularized
p-Stokes equations converges to the solution of the p-Stokes equations for vanishing
regularization under some regularity assumptions. In Section 6, we consider one exper-
iment without sliding and one with. We summarize our results in the final Section 7.
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2 The p-Stokes equations

In this section, we formulate the p-Stokes equations in both the classical and the
variational formulations. The p-Stokes equations can be used to, e.g., model the
motion of glaciers. Their complexity results from nonlinear viscosity, also described
as shear-thinning, [6]. Mass conservation and incompressibility lead to a divergence-
free velocity v. Let N € {2, 3}, 2 € R" be a Lipschitz domain. Let o be the stress
tensor, v the velocity, p the density, and g the gravitational acceleration. The p-Stokes
equations are:

—dive = —pg on 2, (D)
divo =0 on 2)

To relate the stress tensor o, the velocity v, and the pressure 7, we introduce the
identity matrix I = (I;;);;,

(Dv) 1 8v,~+8vj el N}
v 1] — = — - b l? 9 *c 9
P72\ T oy /

B e L*(Q), B=coe€(0,00),

and the following definition:

Definition 2.1 Let p € (1,2), 8§ > 0. We define SP : RN*N — RNXN,
SP(P) = (IP|> +6%)" 27 p. 3)

The norm | -| is the Frobenius norm. For vectors v € R", we interpret SP as a mapping
from R" — R" with

SP(v) = (|v|2 + 52)(17—2)/21)

with the Euclidean norm | - |.

Let p € (1, 2). The stress tensor o is given by
o =—nl+ BS’(Dv).

The case p = 2 reduces to the Stokes problem. In glaciological applications p =
4/3, see [6, section 1.4.3], or in more recent approaches p = 5/4, see [12, Abstract],
is used. The following result states information about the integrability of S?:

Lemma2.2 Let p € (1,2). Forall P € LP()V*N follows SP(P) € LV (NN
with the dual exponent p’.
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Proof With the dual exponent p’ = p/(p — 1) and p € (1, 2) follows
ISP(P)| < |PIP~! = |sP(P)1P < |PIP e LY(Q).
O

Let 02 = 'y U T, U 'y, The Dirichlet boundary condition v = 0 is satisfied for
those parts of the glacier frozen to the ground I';. The interaction of the glacier with
the air is given by o - n = 0 on I', with the matrix-vector multiplication of the matrix
o and the unit normal vector n. We assume nonlinear sliding at parts of the bedrock
I', that are not frozen to the ground. This sliding is represented by tangential sliding.
For these parts of the bedrock, we assume that the normal component of the velocity
is 0 because we neglect the melting of ice or freezing of water at the bedrock. We
remind of the definition of the tangential components

uw=v—(v-n)n and oy=0-n— (0 -n-n)n. (@)

Lett € L®(Tp), T > 0,5 € (1, p]. We formulate the boundary conditions as
follows:

v=0 on Ty, (5)
o-n=0 onl, (6)
o, =—t5() onTly, @)
v-n=0 on I['p. (8)

For the choice of the boundary conditions see also [2]. The boundary conditions
imply as a natural choice of the space

Definition 2.3 (Function space) Let |T'y| > 0. We define for all p > 1
Wy = {v e WhP@"; vlr, =0, vlr, - nlr, = 0) ©)
with norm
N 2
dvi\2\ "/
loll}, :f (Z (_) ) dx.
! Q P B)Cj

The restriction |I'y| > 0 is also fulfilled in common applications, see for example
[12, Abstract] or [13, Abstract].

The Poincaré inequality implies that the W,-norm is equivalent to the whr(Q)N-
norm. For example, the Poincaré inequality was proved in [ 14, Theorem 1.5] for p = 2.
But the proof is identical for p € (1, 2).
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2.1 Variational formulation

We derive the variational formulation in the space W,. We define the double scalar
product and obtain the following equation for o, 7 € RV >V immediately:

N N
0T = Z 0ijTij» o:tl = Z oijrjion:r. (10)
i j=1 i j=l1
Let p’ be the dual exponent, ¢ € W, 0 € Wl’p(SZ)NXN. We conclude by mul-

tiplication with the test function ¢ and partial integration for the left-hand side of

(1)
—/divo-(ﬁdx:/o:V(bdx—/ o-n-¢ds. (11
Q Q Ele}

Letv e Wy, € LP/(Q). Weuse o = —l + BSP(Dv) and I : V¢ = dive to
obtain for the first summand on the right-hand side of (11)

/G:V(bdx:—/ndivqﬁdx—i—/ BSP(Dv) : V¢ dx.
Q Q Q

The second summand on the right-hand side of (11) vanishes on I'; because the
test function ¢ € W, vanishes on 'y, see the definition of W, in Definition 2.3.
Moreover, o - n = 0 is valid on I'y, see (6). Thus, the integral over this domain
disappears, too. It follows

—/ a~n-¢ds=—/ o-n-¢ds.
Q2 ry

The relation between tangential and normal components, see (4), implies
(0-n)-¢=(0-n-n)¢-n)+o;- ¢

We split the boundary integral on I';, into normal and tangential components and
use the boundary conditions on I'p, see (7), and the definition of ¢ € W/, namely
¢ - n = 0 on ', see Definition 2.3, to obtain

—/0-n-¢ds=— (G"l'")(¢'")ds—/ o ¢, ds
ry Ty

Ty

/ t(lve* + 62)(572)/21), ¢, ds.
Ty
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Due to (4) and (8), we have v = v; on I'j,, which yields

/ _L.(|vt|2+82)(572)/2vt '¢tds :/ _C(|v|2+82)(3‘72)/2v‘¢ds
Iy Ty

=/ 8°(v) - P ds.
Ty

We set Lg/(Q) = {mr € L”/(Q); fQ wdx = 0}. Then a weak solution of the
problem is given by (v, w) € (W), Lg/(Q)) with

(Av, p)ws w, — (n,dive) = (pg. ¢) forallgp € W),

, (12)
—(dive, ¥) =0 for all Y € Lg ()

with the operator A : W, — W;‘,

(Av, §)ws.w, :/ BSP(Dv) : Ve dx +/ 1) - pds, ¢ e W)
Q Iy

The operator A is well-defined due to Lemma 2.2.

Definition 2.4 (Divergence free space) Let |I'y| > 0. We define for all p > 1 the
divergence-free velocity space

Vy i={v e W), dive =0} (13)

with W, as in Definition 2.3.

Now, we examine surjectivity of the restricted operator A : V), — V; ,

(Av,qS)V;;,Vp = /Q,og ~¢pdx forallg € V). (14)

By solving the divergence-free problem, we solve the original problem: The inf-sup
condition is proved by [15, Corollary 3.2] for Dirichlet boundary conditions:

, di
(r, divo) ~ 20

inf sup
rerf @ vewtr @ 1P lwtr @y 7y o)

The inf-sup condition is also fulfilled for W, 2 WOI’I7 (). Thus, we can apply
[16, Theorem IV.1.4]. This yields for each solution in the divergence-free formulation
aunique solution for the original problem. This theorem is stated in Hilbert spaces, but
the proof is identical for operators on Banach spaces with an existing dual operator.
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2.2 Regularization of the equation and the divergence-free space

In this subsection, we introduce a regularization and the divergence-free space. We
add a small diffusion term that allows us to obtain a solution in V,. We need solutions
in V; and not only in V), to obtain Giteaux differentiability in Section 3. We define
for pp > O the operator A : Vo, — VQ*,

(Av, @)y v, = (A, @)vs v, + 1o(VV, V). (15)

We define a solution of the p-Stokes equations:

Definition 2.5 (Weak solution of the p-Stokes equations) Let p € (1, 2), |[Ty| > 0,
8 > 0, and no > 0. A solution of

(Av, ¢)V2*,V2 = /ng -¢dx forallp € Vs. (16)

is called weak solution of the p-Stokes equations.

For ;o = 0 and § = 0 existence and uniqueness of a solution to (14) is shown
in[2];foru = 0,8 > 0,and I'y = 0L, see [4]. We consider ;ug > 0 and § > 0
because we want Gateaux differentiability in the infinite-dimensional space. In finite
dimensions, po > 0 is not necessary, see [4, section 3].

For vanishing (¢ and §, the weak solution of the p-Stokes equations converges to
the solution of ;1o = 0 and § = 0 under slight regularity assumptions, see Section 5.3.

2.3 Equivalent minimization problem

In this subsection, we introduce a minimization problem, which is equivalent to finding
a solution to the regularized p-Stokes equations. In [4], the convex functional was
introduced for g = 0 and Dirichlet boundary conditions. In [2], it was introduced for
no = 0 and § = 0 for more general boundary conditions. We use those formulations
for our convex functional with g, § € [0, 00).

Definition 2.6 (Convex functional) Let uo, $ € [0, 00), Jyps : Vi = Rwithr =2
for po > 0andr = p for ug =0,

B T .
T () = / 5 (1DvF %) dx 4 / L (o + 62" ds
QP r, S
+ wo(Vou, Vo) — (pg, v). (17
Lemma 2.7 Let o, § € [0, 00). The functional J,, s is Fréchet differentiable with

T s(@W = (Av, w)ys v, — (pg, w).

Proof For § > 0, the Gateaux differentiability of the first and fourth summand are
discussed in [4] on Wé P ()N . Because the boundary conditions do not influence this
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integral, the Gateaux differentiability is also clear on V;. The second summand can be
handled identically to the first summand. Also the term v — wo(Vv, Vo) is Gateaux
differentiable.

For (uo, 6) = 0, differentiability is proved in [2]. Adding the summand o (Vv, Vv)
does not change the differentiability result.

Thus, J,,,s5 is Gateaux differentiable. Because A and (v, w) > (pg, w) are con-
tinuous, J,, s is Fréchet differentiable. o

2.4 Existence and uniqueness of weak solutions in the divergence-free space

Differentiability and uniqueness were proven for 6 = 0 = po in [2] by using the
strictly convex functionals as in Definition 2.6. For Dirichlet zero boundary condi-
tions existence and uniqueness of solutions were stated without detailed proof via
the Browder-Minty Theorem, e.g., in [17]. For completeness, we prove existence and
uniqueness of a solution with the Browder-Minty Theorem as our boundary conditions,
see equations (5) to (8) are more complicated than the standard Dirichlet boundary
conditions and with § > 0 and p¢ > 0 different to the problem in [2]. Thus, we prove
a well-known result for a slightly different formulation.

Before we can state the existence and uniqueness result, we have to introduce the
following definitions:

Definition 2.8 (Strict monotonicity, coercivity) Let X be a reflexive Banach space,
A : X — X*. The operator A is called strictly monotone, if we have for all v, w € X

(Av — Aw, v — w)x+ x > 0.
The operator A is called coercive, if we have

. (Av, v)x= x
hm _— =
Ilolix—o0  [lv]lx

The conditions for existence and uniqueness are formulated in the following theo-
rem.

Theorem 2.9 (Browder-Minty Theorem) Let X be a reflexive separable Banach space
and A : X — X* a strictly monotone, coercive, and continuous operator. Let f € X*.
Then, there exists a unique solution u € X for the equation

Au= f inX*

Proof The existence of u € X is proved in [18] Theorem 2 in a more general version.
Uniqueness follows immediately with the strict monotonicity of A. O

We analyze S? and S* to verify that A is strictly monotone, coercive, and continuous.
For that purpose, we need the following result:
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Lemma2.10 Letr € (1,2), S : RVXN — RVXN yirh

N
38 (P) _
> =000k = (1P| +8) 201, (18)
. 0Py
i,j,k =1
38 (P
’ 8’-}’0( ) <o (P 4872 foralli,j,k,te{l,...,N} (19)
ke

forall P, Q € RN*N ¢ ¢y € (0, 00), 8 > 0. Then, there exist c, C € R independent
of 8 forall P, Q € RN*N with

(S(P) = S(Q)) : (P — Q) > c(8+|P|+ 10D 2|P - QF,
IS(P) — S(Q)| < C(8+ |P|+1Q]) 2P — Ql.

Proof See [19, Lemma 6.3]. O

We calculate the derivative of S”, r € (1, 2) and verify the properties stated above
to apply the Browder-Minty Theorem 2.9:

Lemma2.11 Let r € (1, 2). The function Sy, is continuously differentiable. Further-
more, the inequalities (18) and (19) are fulfilled for S".

Proof We verify the conditions in Lemma 2.10. Let P € RV*N i j e {1,..., N}. We
calculate

9 " N r—4)/2
aT(IP|2+32)“’ 2 _ —2)(( > Pé) +82> Pij.
1j k.e=1

Letk, ¢ € {1, .., N}. We infer

P, aP,

—4)/2 —-2)/2
=(r—2)(|P|2+52)(r )/ Piijg+(|P|2+32)(r )/ i

(20)

We can verify inequality (19) with ¢; € R now:

S (P) 2 2 2\r=4/2 52 2 ¢2\(r=2)/2
3P < N“((2 r)(|P| +8) |P| +(|P| +8)
ij
_ P||P _
N2<(2 r)(|P|2 52)(” 2)/2| | |2| | (|82 (|P|2 52)(" 2)/2>

<EN?GB-r)(P|+8) 2
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We verify inequality (18) next. Let Q € RV*N, We conclude

N
> o (S(P) Qe 0y
i,j. k= 1 lj
2\ (r=2)/2 Pij Pre
= (1P +6%) Z r = 2)rp 5 Qe Qi + Z Tl 1 Qke Qi
i,jk, =1 i,j,k =1

(r=2)/2
= (IPI* + %) <( - )|p|2+32 Z Pre Qe Z Pij Qij + Z Q,])

k=1 i,j=1 i,j=1

2
= (|P|2+52)<"2”2<(r 2) |(P|2+ngz +1| )

We conclude with r —2 <0, (P : 0)? < |P|*|QJ?,and & € R

2
(1P +62)("2V2(( ~2) |(P|2 f;z + |Q|2) > (1P +8%) "¢ — 0P

> &0 = D(PI+8) 210
Weset P :=I;jpand Q := I;jq with p,q € RY for the vector-valued situation. O

We verify the three properties for the Browder-Minty Theorem, see Theorem 2.9 in
the three following lemmata. We verify Lipschitz continuity of A instead of continuity:

Lemma2.12 Let |Ty| > 0,8 > 0, uo > 0, and p € (1,2). The operator A : V3 —
VS, see (15) is Lipschitz continuous.

Proof Let v, w, ¢ € V,. We obtain for the second summand of the operator A with
Lemma2.11 and C € R

’/ 8w —w) - ¢pds
Iy

< cf 6+ o] + w2 o — w| |¢]ds
Ty
scf 57 v wl|plds
Ty
< C8* v — wll 20y D1l 221,
We infer with the trace operator, [20, Theorem 1.12], and C; € R
v — w2 lPll2mr,) < Cillv — wllv, @]y,

The same arguments are valid for the first summand of the operator A with
instead of I'j, B instead of 7, and s = p. Thus, we obtain Lipschitz continuity with
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C, € Rand

sup [{(Av — Aw, @)y v,| < Coflv — wllv, [|Dllv,-
(1%}

O
Lemma2.13 Let|T'y| > 0,8 > 0, uo > 0, and p € (1, 2). The operator A is coercive.
Proof We know
/ B(|Dv|?> +8*)P=2/2| Dy|? dx +/ t(Jv> + 8222y . vds > 0.
Q Iy

Trivially, we have

2
pollvll},

= uollvllv, — oo for [v]ly, — oo.
vllv,

m}

Lemma2.14 Let |[T'y| > 0,8 >0, uo > 0, and p € (1, 2). The operator A is strictly
monotone.

Proof The strict monotonicity of S” and S*, proved in Lemma 2.11, yield monotonicity
of A: Let v, w € V,. We have

(Avaw,vfw)Vz*’v2

=f B(S”(Dv)—S”(Dw)):(Vv—Vw)dx—i—/ (S5 (v) — S (w)) - (v — w)ds
Q Ty

3/ Bc(S—I—IDvl+|Dw|)p_2|Dv—Dw|2dx+/ Te(8 4 [v] + [w)P2|v — w2 ds > 0.
Q Iy

The operator A is strict monotone because

2
po(v —w, v —w) = pollv —wlly,.

Hence, we can prove our existence result:

Theorem2.15 Let [Ty > 0, 8 > 0, uo > 0, and p € (1,2). There exists
exactly one weak solution of the divergence-free regularized p-Stokes equations, see
Definition 2.5.

Proof (In [4] the case I'y = 92 is analyzed.) Lemma 2.12 yields Lipschitz continuity
of the operator A and thus continuity. We verified the coercivity of A in Lemma 2.13.
The operator A is also strictly monotone, see Lemma 2.14. We conclude the existence
and uniqueness of a solution with the Browder-Minty Theorem, see Theorem 2.9. O
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3 Differentiability

We calculate the Gateaux derivative of the operator A to apply Newton’s method. At
first, we only consider the first summand of the operator A.

Definition 3.1 (Root problem) Let § > 0, g > 0, B € L>®(Q), and t € L ().
We define the operator G : Vo — V5 forall ¢ € V> by

(G, Bvs.vs = (AV. Bys.1s — (08. 9)
:/ BSP(Dv) : ngdx—i—f tS°(W) - @pds+uo(Vv, Vo) —(pg, ¢)
Q Iy
(21)

The operator G is Gateaux differentiable:

Theorem3.2 Let 6 > 0, ugp > 0, B € L*®(R), T € L®°[p), and v, w € V,. The
directional derivative has the form

(G'w, $)vy.v,

= / (p —2)B(IDv]> +5%) "> (Dv : Dw) (Dv : V) dx
Q

2 2\(p=2)/2 .
—l—/QB(|Dv| +5%) Dw : V¢ dx 22)

+ | =2t +8)" - w) (v ¢)ds
Iy

+/ r(|v|2+62)(s_2)/2w~¢ds+uof Vw:Vedx, ¢ <V,
Ty Q

Furthermore, the operator G : V, — V' is Gdteaux differentiable.

Proof First, we consider the first summand on the right-hand side of (21).

The o-notation is the limit to zero in the following calculations. We prove pointwise
convergence. For all i, j € {1, ..., N}, we calculate the Taylor expansion of S” in Dv
with the continuous derivative, see (20). This yields almost everywhere

N
—4)/2
SL(Dv +1Dw) =52 (Dv)+ Y (p=2)(IDv[> +8%) "2 (Dv); (Dv)er(Dw)e
k,t=1
N
+ 3 (1Dv] + )7 1ud et (Dwiee + o( Dwl)
k=1

= 52(Dv) +1(p = 2)(1Dv? +8%) "2 (Dv);; Do : Dw
+ (I1Dv]? + ) P72t (Dw);; + ot Dw)).
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This implies

B
: P P
}Lr% ?(Sij(Dv +tDw) — Sij(Dv))

= (p —2)B(|Dv|* + §*)P=/2(Dv);; Dv : Dw + B(|Dv|> + ) P~2/2(Dw),;

foralli, j € {1, ..., N} almost everywhere. We obtained the pointwise convergence.
To apply the dominated convergence theorem, we calculate a majorant. Using the
Lipschitz continuity of S?, see Lemma 2.11, and C € R, we conclude

‘?(S”(D(v +rw)) — S”(Dv)) : v¢‘

B
< C|T|(5 + D + tw)| + |Dv))? 2| D(v 4 tw) — Dv||V¢|

< C8P72||B| (0| Dw| |[V@|. (23)

The majorant is integrable as
/ C8P72|| Bl Loy Dw| V| dx < C8P 72| Bl lwllv, @]lv, -
Q

The directional derivative for the second summand on the right-hand side of (21) and
the boundedness follow in the same ways if we use as the integration area ', instead
of Qand V, ® with V;; := [;jv; and ®;; := I;;¢; instead of Dv and D¢. With this
notation, we relate the vector-valued expressions to the matrix-valued expressions.
The last summand in (22) follows trivially due to the linearity of v — ©o(Vv, V@),
¢ e Vs

Thus, w — G’(v; w) is a bounded linear operator. Hence, G is Gateaux differen-
tiable. O

The operator G has only a directional derivative on V; not on V),:

Remark 3.3 Let § > 0. The second summand of G'(v; w) in Theorem 3.2 is not well-
defined for all w, ¢ € V),: Set B =1, v = 0. Then we have for all w, ¢ € V,

/B(|Dv|2+52)(”’2>/20w:v¢dx=/51’*21)w:v¢dx.
Q Q

Thus, the integral is not defined for suitable w, ¢ € V).

4 Infinite-dimensional Newton’s method

In this section, we state Newton’s method in infinite dimensions and prove that we can
calculate the Newton iterations. To our knowledge, this result is new as the Gateaux
derivative exists only in all directions for g > 0 and the combination of Newton’s
method and o > 0 was not considered before. Newton’s method is:
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Choose vy € V, sufficiently close to the solution v € V;, of G(v) = 0.
Fork=0,1,2,...:
Obtain wy by solving

G’ (v)wr = —G(vp), (24
and set Vg41 := Vg + Wg.
The problem to calculate a Newton step, see (24), is linear because we handle the

linear problem (w, ¢) — (G’ (v)w, ¢)V£«,V2 for all w, ¢ € V,. Hence, we can apply
Lax-Milgram’s Lemma.

Lemma4.1 Let no > 0,6 > 0, and v € V. There exists exactly one solution w =
w(v) € V, such that (24) is fulfilled. Moreover, we have

IIG’(v)_lllc(vz,v;) = 1/no. (25)
Proof Let v € V,. We show the continuity of (w, ¢) — (G'(v)w, ¢>v2*,v2 for all
w, ¢ € V>. Since the arguments in the calculation of relation (23) are also valid for

the boundary term, we find C € R with the trace operator, see [20, Theorem 1.12],
such that

(G @w, @)z v,| < CE lIliLoemy) + 872 IBllLs@) + no)llwlv,lidlv,.

We show the coercivity next. Let w € V,. The last summand of the directional deriva-
tive of G’, see (22), is just

mwo(Vw, Vw) = pollwlly,.
We use Dw : Vv = Dw : Dv for arbitrary v, w € V3, see (10), to conclude
/ B(1Dv)> + 8"’ Dw : Vwdx
Q

+ / (p—2)B(1Dv +8%) "Dy : Dw) (Dv : Vw) dx
Q

_ Dv:Dw)2

— | B(DWE + 5722 ( | D2 _ 5 (Pv: Dw)”

/Q (IDv|* +6%) [Dw|” + (p )|Dv|2+52

_ Dv|? |Dw|?

z/ B(1Dvl2 +82) "2 (1pwp 4 (p — 2y 2 1D2E
Q [Dv]

_ / B(1Dv? +6%) "2 (p — 1)| Dw|>dx > 0.
Q
The same arguments for the boundary term yield

/ (lv]* + zSZ)(sz)/2|w|2 + (s =2t (jv)* + 82)(“4)/2(1) ~w) (v-w)ds > 0.
Ty
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Hence, the conditions for applying Lax-Milgram’s Lemma are validated, and a
unique solution for each Newton step, see (24), exists. The coercivity constant is (.
This implies the uniform bound

G @) 2w vy < 1/ 1o

5 Globalized Newton method

In this section, we prove global convergence of Newton’s method with a step size
control. To our knowledge, an analysis of Newton’s method with a step size control
was only performed in finite dimensions; for details of this analysis, see, e.g., [4]. Note
that our minimization functional J, 5 is not two times continuously differentiable as
the second derivative is only a Gateaux derivative. From the applied perspective, the
usage of approximations of exact step sizes, see Definition 5.3, could be interesting
as they perform well in our numerical examples, see chapter 6.

To prove the convergence, we use the convex functional Jy, s introduced in
Section 2.3 for a step size control. We verify the equivalence of minimizing the convex
functional and finding a weak solution of the p-Stokes equations:

Lemma 5.1 Let g, 8 € [0, 00). Then, we have

Jlio,a(v) =0& Jys(v) = '%1‘51 Jyo,s(1).

withr =2 for uo > 0 and r = p for puo = 0.

Proof The strict convexity for (19, 8) = (0, 0) was proved in [2] on V},. Thus, the strict
convexity follows for ;o > 0 on the smaller space V>. Thus, the case § > 0 remains.
We verified in Lemma 4.1 positive definitness of J” 5= = G’ for (uo, 8) € (0, 00)2.
This implies strict convexity. The case pp = 0 and 8 > 0 is considered in [4].
Because the necessary first-order optimality condition is sufficient for strict convex
functions, the claim follows. O

5.1 Step size controls

In this subsection, we remind of step size controls. Step size controls guarantee con-
vergence under certain conditions by setting vg4+1 = vx + o wg with o € (0, 00)
instead of vy 41 := vi +wy, see the begin of chapter 4. The choice of « should be such
that the new functional value J,,, s (vx + o wy ) reduces compared to the old functional
value Jy, 5(vg) and a small reduction already implies convergence, see Lemma 5.4
condition ¢) for the mathematical details. A commonly used step size control that
guarantees these properties under some conditions on J, s is the Armijo step size,
see for example [20, section 2.2.1.1]:

@ Springer



2026 Numerical Algorithms (2025) 99:2011-2038

Definition 5.2 (Armijo step sizes) Let J,,; 5 : Vo — R be continuously differentiable,
y € (0,1), vg € V; the point, and wy € V; the direction. Determine the biggest
ax € {1,1/2,1/2%, ...} such that

0.5 Ok + ogwp) — Jg 5 (0x) < axy J), s (0p) Wi (26)

For convex functions, we can try to find oy that minimizes Jy, 5 (vg + o wy):

Definition 5.3 (Exact step sizes) Let J,,, 5 : Vo — R be continuously differentiable,
vy € V2 the point, and wy € V; the direction. Determine oy with

o, s (Vg + opwy) = min Jiuo,5 (Vg + awg).
a€[0,00)

In our case, we can only approximately solve this problem, which we discuss in
the numerical experiment.

5.2 Global convergence

In this subsection, we verify global convergence. We obtain global convergence by
employing a step size control. The step sizes are calculated by reducing the functional
J 10,5, see Definition 2.6, in each iteration. We verify the conditions for the following
convergence result:

Lemma5.4 Let Jy, s : V2 — R be continuously Fréchet differentiable, bounded from

below, vy € Vo, Vg41 1= v + o wy with the direction wy € Vo, and the step sizes

oy € (0, 00). We additionally assume that we have

a) descent directions: Jlio,a(”k)wk <0,

b) the angle condition: ’7||J;/Lo,a(vk)”V2*”wk”Vz < _J;io,s(vk)wk independently of
k for fixed n € (0, 1),

c) large enough step sizes: Tuo.8 (O + ki) < Juo.5(vi) for all k }

and Jy,.5 (g + arwg) — Jyo,5(vk) — 0 fork — oo

.6 V) WE

— 0 fork — oc.
llw llv, f

imply
Then, we have

Jo.5(0k) = 0 fork — oo.

Proof See [20]. O

The first two statements are easy to verify:

Lemma5.5 Let uo > 0, § > 0. Newton steps fulfill the angle condition for the
Sfunctional J,, 5, see Definition 2.6, and are descent directions.
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Proof We calculated in Lemma 4.1 the coercivity constant o and the continuity
constant C independent of k such that

1o < 0.6 @l £vavyy < C. (27)

In [21, Theorem 1.2], the proof of the angle condition is done with > wo/C for
the finite-dimensional case. The proof for the infinite-dimensional case is identical.
The angle condition implies that the Newton steps are descent directions. O

To verify large enough step sizes, we need the following lemma:

Lemma5.6 Let J/ 0.8 be uniformly continuous. Let the step sizes (ox)i be Armijo step
sizes and let the dlrectlon wy, fulfill

_Jl/m,g(vk)wk>

lwgllv,

lwgllv, zgo(

with some ¢ : [0, 00) — [0, 0c0) monotonically increasing and satisfying ¢(t) > 0
forallt > 0. Then the step sizes (o) are admissible.

Proof See [20] Lemma 2.3. O

Lemmab5.7 Let ug > 0, § > 0, and |T'y| > 0. For Newton’s method, the Armijo step
sizes, see Definition 5.2, are admissible.

Proof We want to apply Lemma 5.6. We verify the conditions. The function J 10,8 is
Lipschitz continuous, because the operator A is Lipschitz continuous, see Lemma 2.12,
and (v, w) — (v, w) is trivially Lipschitz continuous. Therefore, J l/to, 5 is uniformly
continuous. We already proved that the directions wy, are descent directions. It remains
to show that the descent directions are not too short. We know with the Newton steps
and the right inequality in relation (27)

2
Cllwklly, = (s @OWE, Wi vy vy = — (I, 50K, e v v,
1 =), s(Uk), wi) vz v
0, > V2
< lwellv, = = :
C lwi v,

Therefore, the step size is bounded from below by the monotonically increasing
function ¢ : [0, 0c0) — [0, 00), ¢(t) = t/C with ¢(¢) > O for r > 0. Hence, the step
sizes are large enough, and we can apply Lemma 5.6. O

Corollary 5.8 Let ug > 0, 8 > 0, and |[T'y| > 0. Newton’s method with Armijo step
sizes is globally convergent.

Proof We already explained why the step sizes are admissible, see Lemma 5.7. More-
over, the directions wy are descent directions. Furthermore, we validated the angle
condition. Trivially, the functional J,, 5 is bounded from below. Thus, all conditions
for Lemma 5.4 are fulfilled. Hence, we conclude G (v;) = J / 5(vk) - 0e V).
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Let v* € V; be the solution of G(v*) = 0. For v = v* the claim is clear. For
v # v*, the strict monotonicity of A, see Lemma 2.14, implies

pollvk — v* (17, < (A(we) — A(W*), v — v*)y;
= (G(w) — GW*), v — v*)yy v,
< 1G@) = GOl v vpllve — v* v,
& pollve = v* v, < 16 — GOl £va v

Dueto G(vg) = J;/Lo,a(”k) — Ofork — ooand G (v*) = Ofollows vy — v* € V>.
O

5.3 Convergence to the non regularized problem

In this subsection, we argue that the solution v = v, 5 € V2 converges to v, € V2.
We only have to assume vg,9 € V2. From [2], we only know vg,9 € V).

Theorem 5.9 (Convergence for smooth solutions) Let |I'y| > 0 and vy, 5 be the
solution of G, s(v) = 0 with the variables 19, 8 € (0, 00) or (g, §) = (0,0) as in
the definition of the operator G. Assume vy,g € Va. Then there exists ¢ € R with

1v0,0 = pg,5ll3, < EURIS” + |Tpl8* + o).

Proof We follow the idea in [4, Theorem 4.1]. We set v := vg,9 — Uy, tO shorten
the notation. We use in the upcoming calculation the monotonicity of S” and S°,
J //Lo s(Wpo,8) = 0, and the main theorem of calculus:

SIBI,
Lr
~12
= f f —|rVou|©dxdr
0 Qr
Lr
< f / —(SP(Dvyy,5 + rDV) — SP(Dvyy.s)) - (Doy,s + 1DV — Doy, 5) dx dr
0 Qr
1 1 . .
+ / / ;(S‘Y(v,m,g +79) — 8 (V,8)) - (Vg5 + 10 — vy 5) dsdr
0 'y
L
+ / —|rVo|*dxdr
0o Jaor
Il
= /0 ;(J}/L(),a(vﬂ()ys + rv) - J/fb(),a(v’l/OaS)) (v”/056 + rv — vILO’S)dr

1
= /0 J/lo,é(vﬂoﬁ +ro)vdr = J116,8(0,0) — Jug,6 (Vpg,8)-
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In the last step, we inserted v. We use
(IDv|*> + 8% = ||(Dv, §)|I5 < [|(Dv, §)|"- = |Dv|" + 8" forr € {s, p}

to bound the functional J,,, 5 by J;,.0 for all v € V, with

1 1
J,w,a(v)=/Q;(|Dv|2+52)1’/2dx+/ =(|v)* + 812 ds + pollv3,
r

b S

1 1
< —/ |Dv|? + 87 dx + — Ivls—i—c?‘vds—i-u«ollvlﬁ,2
pPJa §Jry

= Jo.o(v) + |87 + [T5|8° + ol|v]7,.

HGHCG, we obtain with the minimizer V0,0 of J(),() and the definitions of Jo’() and
J 8
Ko

J110,8(©0,0) — Jug,6(Vpg,s)
< J0.0(v0,0) + |2218” + [T18" + pollve,0lly, — Juo.s (Wpo,s)
< J0.0(Wpg,8) + 122087 + 11618 + wollve,oll, — Juo.s(Vpo,s)

1 1
=— / |Dvyy 517 — (8% + | Dy, 1P dx+— / [0pg61° — (8% 4 [vpy.51%)* 2 ds
PJQ s Jry

+ 19187 + [T 18 + po(llvo,0l13, — 1vkg,s17,)
< |Q187 + [T 18* + wollvo,0ll3,-

Thereby, we obtain with ¢ € R

1v0,0 — Vug,81l5, < EURAS? + [Tp18* + p0).

6 Numerical experiment

In this section, we describe two numerical experiments: ISMIP-HOM B formulated in
[22] and a sliding block. We test these experiments with Newton’s method with Armijo
step sizes and compare them with approximately exact step sizes that we describe in
the next subsection. We also use the approximately exact step sizes to modify the
Picard iteration. We implemented the experiments in FEniCS, [23], version 2019.1.0.
FEniCS is a tool that solves partial differential equations with finite elements. We
use the Taylor-Hood element P, — Pj for the velocity v and the pressure . In all
experiments, we calculate the initial guess by replacing (|Dv|2 + 82)(p 272 with 106
and solving the resulting Stokes problem.
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Let v € V5. Then G(v) € V; with the norm

IGW)llv; = sup (G(v), D)y, v,
¢V ldllv,=1

To evaluate this norm, we use the Riesz isomorphism:

Definition 6.1 (Norm of the Riesz isomorphism) Let |Ty| > 0, nuo > 0, 8§ > 0, and
v € Vo. Let v € V; be the solution of

f Vv :Vedx = (G(v), vz, forallg € Vs
Q
Then the norm of the Riesz isomorphism is ries € [0, 00) is
ne¥:=1/|vaﬂdx+- 15| ds
Q 'y

with = G(v) € VJ.

If the norm of the Riesz isomorphism is small for v € V5, it follows G (v) = 0.

6.1 Numerical solvers and computational effort

The Picard iteration was suggested for modeling glaciers in [24] and is used in ice
models like ISSM, see [25]. The Picard iteration is: For given v; € V5 find vgyq € V2
with

(B(Dvk|* +8H) P22 Dvgy1, V) + (t(loel* + 65 2vp1q, 6)
+ 1no(Vogsr, Vo) = (pg, @)

for all ¢ € V,. This algorithm is said to be often globally convergent in practice
but slow, [10]. It is, for example, used for the Navier-Stokes equations with proved
convergence theory, [16]. We will compare the following algorithms:

The Picard iteration.

e The Picard iteration with approximations of exact step sizes, see Definition 5.3,
with wy 1= Vi1 — Vk.

Newton’s method with approximations of exact step sizes, see Definition 5.3.

e Newton’s method with Armijo step sizes, see Definition 5.2.

We can calculate the exact step size arbitrarily precise because we have a convex
functional. Let 0 < a < b < oo. For the actual velocity vg and the direction wy, we
can calculate

min J t) := min J v + twy).
min help(t) min 10,6 (VK k)
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We use a simple bisection and set b := (a + b)/2 for J,ielp((a +b)/2) > 0 and
a = (a+b)/2for J; elp ((a+1b)/2) < 0 until we obtain the wanted accuracy. Finally,
we set t := (a + b)/2. The chain rule yields for # € (a, b)

Tnetp®) = (G (vk + twg), we)v; v, (28)

Furthermore, we can do these calculations with mixed elements:

Remark 6.2 The step-size control is identical with mixed elements. Only the calcula-
tion of the direction changes.

Proof We calculate the initial guess (v, 7o) € (W2, L%(Q)) by replacing (IDv|2 +

82)(p 272 ith 106 and solving the resulting Stokes problem. This initial guess is
divergence-free. Then, we calculate a divergence-free direction wg for the velocity
and a direction ¥ for the pressure. Hence, we have for the convex functional

110,60 wo = (G (v0), wo)vs.v, = (G(vo), wo)v; v, — (70, divwe) — (divue, Yo).

Additionally, our iteratives vy are divergence-free as a linear combination of the
divergence-free vy_1 and wg_g.
Thus, the step size control is identical with mixed elements. O

Now, we consider the computational effort. The computation consists of three parts:
Assembling the matrices, solving the linear system of equations, and calculating the
step size.

In [26], multigrid methods are used to solve the p-Stokes equations, even on
real-world examples like the Antarctic ice sheet. In [27], the computational effort
of multigrid method is discussed. They measured that evaluating the residual takes
less computation time than, e.g., assembling the Jacobi matrix or necessary matrix-
vector multiplications. For their results, they used a simplified version of the p-Stokes
equations. As calculating the residual is not the computationally expensive part also
calculating the step size control is computationally affordable compared to the other
parts.

6.2 Computational domain

A unit square is too simple to represent real-world glaciers. Instead, in the ISMIP-HOM
experiments, see [22], a sinusoidal bedrock, see Fig. 1, is suggested, and Dirichlet
boundary conditions are imposed at the bedrock. We set o« := 0.5 °, L := 5000
m, and define the upper and lower boundary of the domain by z; : [0, L] — R,
zp 1[0, L] = R,

zg(x) = —tan(a)x, and zp(x) = z5(x) — 1000 + 500 sin(wx)

with @ = 27 /L. The experiment needs periodic boundary conditions on the left and
the right side of the domain and o - n = 0 at the surface.
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1000
0

—15000 —10000 5000 O 5000 10000 15000 20000

Fig.1 Considered domain in our experiment

6.3 Parameters

In this subsection, we discuss setting constants and forcing boundary conditions. We
set the constants for the experiment corresponding to the ISMIP-HOM experiments,
see [22]: The ice parameter B := 0.5 - (10710)=1/3 pa=3a—1 the density p := 910
kg m~3, the gravitational acceleration g := (0, —9.81) m s~2, and the seconds per
year 31556 926. The nonlinear viscosity is (0.5|Dv|? + §2)(P=2/2 with p := 4/3.
The factor 0.5 within the nonlinear term is given by [22]. However, we could modify
B and § to formulate the equations as in our convergence analysis before.

Periodic boundary conditions have some difficulties in implementation for unstruc-
tured grids. Moreover, they are not necessary for real-world applications. Thus, we
extend our domain by three copies to the left and the right. We apply Dirichlet bound-
ary conditions at these boundaries. This approach is suggested in the Supplement of
[22]. The resulting domain is shown in Fig. 1.

We rotate the gravity to obtain a horizontal upper surface. Formally, we should
rotate the left and right boundaries, too. However, this only changes the position in x-
direction by a maximum of 1500 m-sin(0.5°)~ 13 m. This is neglectable compared to
the horizontal extent of 35 000 m. Thus, we simplify the domain with vertical left and
right boundaries and a horizontal surface boundary. Moreover, this approach is more
flexible because we can simply change the angle o without changing the domain to
generate different experiments. Furthermore, changes between using periodic bound-
ary conditions and the variant with copies of the glacier are easier.

The value 8% should be small compared to typical values of 0.5/ Dv|?. The range
of | Dv| is typically between 10~ /s and 10~!! /s. The calculations are done in years.
Hence, we obtain as a necessary condition

82 <0.5(3.16 - 10™*/a)? - eps

with the machine precision eps := 107!6. By rounding down to a factor of 10, we
obtain 8 := 10~ '2/a. We should choose (¢ such that

wo < (0.5|Dv)? + 82)P=D/2 . eps

is fulfilled. We obtain an upper bound by inserting the maximum typical value of | Dv|
for |[Dv| and §. We conclude

wo < (2- (1077 - 31556926/a)%) 432210710 ~ 3.69 - 107172/,

Consequently, we choose g := 10~!7 kg a/(ms?). The unit for ¢ follows from
[0l VOI*] = [-pg - v].
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6.4 Results and interpretation

The ISMIP-HOM B experiment measures the norms of the surface velocity v,:

v =/ (v1 - cos(@))? — (v3 - sin(@))?.

On the Fig. 2 are the surface velocities for all used algorithms restricted to the
original glacier x € [0, 5000]. The surface velocities are approximately the same for
all our methods. Moreover, the velocities are similar to [22, Figure 6].

All step size controls use the convex functional, see Definition 2.6, as the mini-
mization term. In Fig. 3, we see the relative norm of the Riesz isomorphism, which
compares the actual norm of the Riesz isomorphism of the iteration with the first calcu-
lated norm of the Riesz isomorphism, see Definition 6.1. Newton’s method with Armijo
step sizes reduces the norm of the Riesz isomorphism compared to the initial norm of
the Riesz isomorphism by approximately 5 - 10>. Newton’s method with Armijo step
sizes starts with a quadratic convergence. After a few iterations, this tends to a linear
convergence. Then, the norm of the Riesz isomorphism is constant. The norm of the
Riesz isomorphism of the Picard iteration decreases linearly but at a slower rate than
Newton’s method with Armijo step sizes. Newton’s method and the Picard iteration
with approximately exact step sizes converge similarly fast as Newton’s method with
Armijo step sizes.

In [4], it was discussed that a higher value of § leads to higher accuracy and a lower
number of necessary iterations. We reproduce this result in Fig. 4. Additionally, we see
that the velocity field at the surface is nearly identical for § := 10™*. With § := 1074,
Newton’s method is much better than the Picard iteration for both step size controls,
see Fig. 5.

14

—— Newton exact
Newton Armijo
—— Newton Armijo min step
—— Picard exact
—— Picard classic

/\_/

124

-
o
!

Velocity in m/a
=]

0 1000 2000 3000 4000 5000
Coordinate in x-direction in m

Fig.2 The velocity norms at the surface are shown in the left figure. All methods produce nearly the same
surface velocity as the result
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100 4 == Newton armijo
ws=  Newton armijo min step 0.5
=> Newton exact
E 10-1 « Picard exact
8 we Picard
£
E 107 3 -
s ™~
£ .
S 10734 .
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N
2 =
o 10749
2 %
=1 N,
B 105 S
g Trx i Yo,
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0 5 lb 15 Zb 25
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Fig.3 The relative norms of the Riesz isomorphism are visualized with 701 grid points in x-direction and
20 in y-direction

To verify our claim regarding the computation time, see Section 6.1, we calculated
the mean and the standard deviation for 100 iterations for each method, see Table 1.
In our experiment, the computation time with a step size control is within the standard
deviation of the computation time for the Picard iteration. Moreover, the step size
control needs only 1 % of the whole computation time for each iteration. Another
important result is that the Picard iteration and Newton’s method need comparable
computation times.

We fixed the number of integral evaluations for the Armijo step size to a maximum
of 20 integral evaluations for each iteration and for the exact step sizes to 25. Newton’s
method with a minimum step size of 0.5 needs one or two iterations. Thus, Table 1
implies that both step size controls need a similar computation time for each iteration.
We did not try to reduce the number of iterations for the step size because they are not
important compared to solving the linear system of equations.

<+ Newton armijo 5 =103
—=— Newton armijo 5 =10"%

1~ -+ Newton armijo 5 =10-12

i;-

Velocity inm a~!
s

-11
20 105

Relative Riesz isomorphism norm

1013

10 15
Iteration number

—s= Newton Armijo with 6=10"?
~m~ Newton Armijo with 6=10"*

== Newton Armijo with 6 = 10-12

0.4
X position norm:

0.6 0.8 10
alized

Fig.4 Left: the relative norms of the Riesz isomorphism are visualized for different values of §. Right: the

velocity norms at the surface are shown in the right figure
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=@= Newton armijo
= Newton armijo min step 0.5
=> Newton exact
Picard exact
Picard

10-?

10-11

Relative Riesz ismorphism norm

10-13 4

0 5 10 15 20 25
Iteration number

Fig.5 The relative norms of the Riesz isomorphism are visualized for § := 104

6.5 Numerical experiment with friction

In this subsection, we describe an experiment with friction. The experiment has a
similar structure to the experiment ISMIP-HOM B. We set 2 := (0, 5000) x (0, 1000),
'y :={(0, y); y € [0, 1000]} U {(5000, y); y € [0, 1000]}, I'; := {(x, 1000); x €
(0,5000)}, and T', := {(x,0); x € (0,5000)}. We set B, p, g, and p as in the
experiment ISMIP-HOM B. We set s := p. Again, we rotate the gravity instead of
the domain.

We test our experiment with 7 € {107, 107} Pa a?~'m!'~P. As prescribed by the
problem, we have zero velocities at the left and right boundary. In Fig. 6, we see the
norms of the Riesz isomorphism for the high friction coefficient with two different
initial guesses. On the left, we have the same initial guess as in the ISMIP-HOM exper-
iments. On the right, we added the term be Tvg - ¢ ds to the variational formulation
of the initial Stokes problem.

Interestingly, Newton’s method with Armijo step sizes performs worse than all other
algorithms for a high friction coefficient. It converges linearly and needs many itera-
tions until it reaches quadratic convergence. The other initial guess does not resolve

Table 1 Computation time in seconds

Computation time each iteration

Computation time step size

Mean  Standard deviation Mean  Standard deviation
Picard 98.39 239 - —
Picard with exact step sizes 99.47  2.16 1.00 0.01
Newton with Armijo step sizes  98.89  2.40 0.41 0.12
Newton with Armijo step sizes ~ 98.55  2.29 0.08 0.01
and minimum step size=0.5
Newton with exact step sizes 99.71 223 1.01 0.01
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100 == Newton armijo =@ Newton armijo

\ = Newton armijo min step 0.5 \ == Newton armijo min step 0.5
0’ w> Newton exact ) \ w Newton exact
». « Picard exact 0™ , . « Picard exact
1072 Picard LN e Picard

Relative residual norm
1

Relative Riesz isomorphism norm

s

0 5 10 15 20 25 30 0 5 10 15 20
Iteration number Iteration number

Fig.6 The friction coefficient is 7 := 107. Left: the initial guess is the same as in experiment ISMIP-HOM
B. Right: the initial guess has the additional term frb TV - pds

this issue. Newton’s method with approximately exact step sizes reaches quadratic
convergence much earlier. Also, the Picard iteration with approximately exact step
sizes is good.

For alow friction coefficient, all algorithms behave similarly regarding convergence
to experiment ISMIP-HOM B, see Fig. 7, independent of the initial guess.

7 Conclusion

In conclusion, it is possible to obtain a global convergent Newton method with step size
control with a convex functional. Moreover, the approximation of exact step sizes is
also good. For a nonlinear sliding boundary, the convergence rate of Newton’s method
depends on the friction coefficient. Overall, the approximately exact step sizes seem
slightly better because the convergence rate was in all experiments good. However, the
convergence rate depends on the size of 6. More experiments should be done in three
dimensions, with physically motivated sliding coefficients, and with different values
of §. Furthermore, an implementation in ice sheet models could be interesting.
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Fig.7 The friction coefficientis t := 103, Left: the initial guess is the same as in experiment ISMIP-HOM
B. Right: the initial guess has the additional term frb vy - pds
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